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Survey Experiments



Asian Disease Problem (Tversky & Kahneman 1981)

Scenario A: Imagine that the US is preparing for the outbreak of an 
unusual Asian disease, which is expected to kill 600 people. Two alternative 
programs to combat the disease have been proposed. Assume that the
exact scientific estimate of the consequences of the programs are as
follows.

 Program A: 200 people will be saved

 Program B: with 1/3 probability 600 people will be saved (and with a 2/3 
probability 0 people will be saved) 

Survey Experiments



Asian Disease Problem (Tversky & Kahneman 1981)

Scenario B: Imagine that the US is preparing for the outbreak of an 
unusual Asian disease, which is expected to kill 600 people. Two alternative 
programs to combat the disease have been proposed. Assume that the
exact scientific estimate of the consequences of the programs are as
follows.

 Program C: 400 people will die

 Program D: with 1/3 probability 0 people will die (and with a 2/3 
probability 600 people will die). 

Survey Experiments



Asian Disease Problem (Tversky & Kahneman 1981)*

 In Scenario A, 72 percent of participants prefered Program A

 In Scenario B, 78 percent of participants prefered Program D
The programs A and C are identical (in terms of the implications), as are B and D. The only difference 
between scenarios is in the way they are framed (either as a gain, i.e. saving lives, or as a loss, i.e. letting 
people die). The results of the Asian Disease Problem are baffling for rational choice theorists, because 
they show a reversal of preferences in situations that are identical in numerical terms. 

Together with other findings, this insight has inspired Prospect Theory. 
According to this theory, a) people take decisions not based on absolute values, 
but based on reference points, and b) people tend to be more risk loving when
dealing with losses (and more risk averse when dealing with gains).

Survey Experiments

* Notice how we started again with experimental work by a Nobel laureate in economics. 2002 
Kahneman received the prize for his work with Amos Tversky. You might also know Kahneman
from his more popular book Thinking Fast, Thinking Slow. 



A survey experiment is an experimental design (manipulation and
randomization) implemented in a survey. 

Surveys are still the main tool for data collection in the (quantitative) social
sciences. 

 There are many large-scale survey programs in the social sciences
administered across countries, for example: 

 European Social Survey: https://www.europeansocialsurvey.org/

 European Value Study: https://europeanvaluesstudy.eu/

 EU-SILC, Eurobarometer, LFS, ISSP, ... 

Survey Experiments

https://www.europeansocialsurvey.org/
https://europeanvaluesstudy.eu/


Surveys

 In contrast to experiments*, surveys can address a much broader range
of research topics. 

 Population-based surveys rely on random sampling to select participants 
who are representative of a population of interest.
Therefore, they tend to score higher in terms of population validity (see Chapter 2). 

 Data gathering is typically also cheaper in surveys allowing them to reach 
a higher sample size. 

 Due to their popularity, survey research
has established a rich set of techniques
on how to draw samples, how to
measure and operationalize concepts, 
how to formulate survey questions, how
to collect data, etc... 

* Meaning the traditional contexts in which experiments are usually implemented, i.e. the
laboratory or the field...



 However, they also come with a series of disadvantages* 

 They typically cannot identify cause-and-effect relationships.
Typically surveys are implemented with a cross section design (or static group comparison, Chapter 1). I.e. 
after measuring income and happiness and (potentially) finding a correlation between the two variables, it is
difficult to assess whether higher income makes people happy or whether happy people are more often selected
to jobs with higher income. Even panel designs, where changes in income can be linked to changes in 
happiness, struggle to unambiguously exclude reverse causality and alternative explanations. 

 Surveys are subject to reactivity which might introduce systematic measurement errors
(in a similar vein as in experiments, except for natural field experiments). 

Surveys

* For problems of measurement in surveys, remember Lecture: Chapter 5.



... are thus prone to a series of biases

Surveys



 ... combine the strength of experimental design (identifying cause-and-
effect relationships) with the established methodology of survey research. 

 In that, they help to account for some weaknesses of surveys

 They help to identify cause-and-effect relationships.*
They do so based on random assignment and manipulation. Randomization reduces any measureable and
unmeasurable difference between control and treatment group (but you should know this by now). As we
have control over the sequence of a survey, we can also ensure that the cause (the manipulation) precedes
the effect (the respondents‘ reply). For example, in the Asian Disease Problem, we may conclude that the
framing of the situation caused the respondents to prefer risky vs. safe alternatives. 

 They help to identify (and partly resolve or reduce) measurement problems. 
By selectively alternating certain aspects of a survey question or of the responses (e.g. normatively loaded
words, information, response categories,...), we can explore how subtle changes in the measurment
process affect the distribution of measured values. 

Survey Experiments

* Hence, a successful survey experiment requires an effective survey and an effective experiment.  Note, however, as stated in the lecture slides: identifying
cause-and-effect relationships is not equivalent to identifying the causal mechanism. We know that the framing causaly affects whether people behave risk averse
or risk loving, but we have not learned more about why framings affect risk attitudes. 



Let‘s explore three types of survey experiments:

 Measurement Experiments

 List Experiments

 Multifactorial Survey Experiments

Survey Experiments



 Survey researchers use measurement experiments to develop, test, and
evaluate survey questions. 

 They want to find out: 

 How the wording of questions affects answers.

 How instructions affect answers.

 How question formats affect answers.

 How response categories affect answers.

.

.

.

Measurement Experiments



Measurement Experiments

For non-German speaking students: Participants were asked how long they are on average watching TV 
every day. They either received Version 1, with the lowest category being up to 2 ½ hours, or Version 2, 
with the highest category being more than 2 ½ hours. In Version 1, 37.5% reported watching TV for
more than 2 ½ hours, in Version 2, only 16.2 % did so. One interpretation of this discrepancy is that the
researcher‘s choice of response categories may signal a certain social norm (i.e. what is appropriate) and
hence influence the choice of respondents. 
The study dates back to 89. However, my hunch is that these days you just need to substitute watching TV with using your
smartphone...



Belli et al. (1999): Reducing Voter Overreporting in Surveys: Social Desirability, 
Memory Failure, and Source Monitoring 

 How can survey measures of voter turnout be improved?
Voter turnout is often overestimated in surveys. Many respondents say that they voted, when actually they
did not. 

 Survey Question: In talking to people about elections, we often find that a lot of 
people were not able to vote because they weren't registered, they were sick, or 
they just didn't have time. How about you—did you vote in the elections this 
November? 

 Standard Group: a) I did not vote in the November 5th election; b) I voted in the November 
5th election 

 Experimental Group: a) I did not vote in the November 5th election; b) I thought about voting 
this time but didn’t; c) I usually vote but didn’t this time; d) I voted in the November 5th 
election 

Measurement Experiments

Source: Mize, Trenton D. (2019): Survey Experiments. Testing Causality in Diverse Samples. Slides for IU Workshop in Methods 2019



Belli et al. (1999): Reducing Voter Overreporting in Surveys: Social Desirability, 
Memory Failure, and Source Monitoring 

 Results: If a standard question is used,
reports of voting go up over time (and
become less accurate). 

 Offering additional response categories that
reduce the social stigma of not voting (e.g.
by giving respondents the chance to
emphaisze that they usually do vote), 
creates more accurate measures of voter
turnout. 

Measurement Experiments

Source: Mize, Trenton D. (2019): Survey Experiments. Testing Causality in Diverse Samples. Slides for IU Workshop in Methods 2019



 Survey responses are particularly prone to social desirability. 
For example, participants tend to respond in a way which (according to their view) does not 
conflict with social norms. Social desirability was also an issue in (incentivized) experiments in the
lab and the field (i.e. as long as people are aware that they are being observed). However, in 
general behavior is more difficult to fake than survey responses about beliefs, attitudes, or
hypothetical behavior. 

 Note: Measures which are influenced by social desirability are not 
necessary flawed if you are interested in what people are willing to say
(not what they really think). 

List Experiments

Source: Mize, Trenton D. (2019): Survey Experiments. Testing Causality in Diverse Samples. Slides for IU Workshop in Methods 2019



 ... help to identify social desirability and provide a way to reduce its influence 
on measurements (by giving participants an additional level of anonymity). 

 Procedure: 

 Respondents in the control group receive a list of items that could be answered with 
binary response options (yes, no; agree, disagree). Respondents in the treatment group 
receive the identical list plus one additional item. This items is the one that could be 
prone to social desirability.

 Respondents are asked with how many items of the list they agree (also called the item-
count technique).* 

 By comparing the number of items reported in control and treatment group, we can 
infer the percentage of individuals who agreed to the critical item. Importantly, we 
cannot infer whether a specific individual agreed to the sensitive item. It is, however, 
possible to estimate the difference for subgroups of the sample (e.g. only women). 

 The underlying assumption: Because respondents do not have to explicitly 
endorse a socially undesirable item, they will be more likely to answer 
truthfully. 

List Experiments

Source: Mize, Trenton D. (2019): Survey Experiments. Testing Causality in Diverse Samples. Slides for IU Workshop in Methods 2019
* To repeat: They are not asked with which items they agree or disagree; only with how many. 



Coffman et al. (2017): The Size of the LGBT Population and the Magnitude 
of Antigay Sentiment Are Substantially Underestimated

List Experiments

Source: Mize, Trenton D. (2019): Survey Experiments. Testing Causality in Diverse Samples. Slides for IU Workshop in Methods 2019



‘The veiled method [i.e., the list experiment] increased self-reports of antigay 
sentiment, particularly in the workplace: respondents were 67% more likely to 
disapprove of an openly gay manager when asked with a veil.’
‘Self-reports of nonheterosexual identity rose by 65%, and same-sex sexual 
experiences by 59%.’*

List Experiments

* Careful: A 67% precentage increase might sound shockingly high, but in percentage points this is „only“ a 10 percentage point increase (because the prevalence
of the item in the population is relatively low). For manager: 16.2 in the direct method and 27.0 in the veiled method. For nonheterosexual identity: 11.3 and
18.6; for same-sex sexual experiences: 17.2 and 27.4.



Some Advice for List Experiments: 

 Clearly state how the list works and how subjects should respond. 
To many respondents, it is not an intuitive survey question. 

 The non-sensitive items should be likely to be answered with yes or no.
Too many items that create a 50/50 distribution in replies might be problematic. 
However, do not make it too obvious… 

 There should be negative correlation among the non-sensitive items.
i.e. not all items should be answered with yes (or no) for most of the respondents.

 The list of items should not be too long, but neither too short.
If lists are too long, it takes too much concentration for participants to read through the items (and calculate
the appropriate reply). Lists that are too short might not guarantuee a sufficient degree of anonymity. A 
reasonable rule of thumb is: 4-7 items in the control treatment

 List experiments also seem to give more sensitive results if the items on the list 
are logically related to each other.
While this might be difficult sometimes, at least make sure that the sensitive item is not the only one that is 
unrelated to the filler items…

 For more hints, consult the lecture slides. 

List Experiments

Source: Mize, Trenton D. (2019): Survey Experiments. Testing Causality in Diverse Samples. Slides for IU Workshop in Methods 2019



 Respondents are asked to evaluate short descriptions of situations, 
objects, or persons composed of different factors (attributes) that are
experimentally varied. 

Multifactorial Survey Experiments

Source: Auspurg & Hinz (2017) 



 The main advantage is that you can evaluate the overall effect of a 
variable as well as the effect in combination with other factors. 

 Multifactorial Survey Experiments encompass Conjoint Analyses, Choice 
Experiments, and Factorial Survey. 
These differ with regard to their theoretical background and the main areas of application. Furthermore, 
conjoint analyses typically rely on profile cards, factorial surveys show vignettes* that describe a 
hypothetical situation, and choice experiments present information in a tabular style. They also differ with
regard to whether respondents have to evaluate specific descriptions, or whether they have to choose
between two options. 

Multifactorial Survey Experiments

Source: Auspurg & Hinz (2015) 
* Short descriptions or stories that vary only key aspects. See the previous slide. 



Auspurg et al. (2017): Why Should Women Get Less? Evidence on the 
Gender Pay Gap from Multifactorial Survey Experiments.

 Do people think women should be paid less? And if so, on which
contextual variables does this depend on (e.g. occupation, ...)?

Procedure: Let participants evalute
10-30 vignettes (in which all these
factors are randomly varied).* 

Multifactorial Survey Experiments

* Social desirability is reduced by varying multiple dimensions at once, making it difficult for respondents to infer the actual manipulation of interest (i.e. they have
less reason to mask their gender discriminatory attitudes if many factors in the vignettes vary at once). 
Also, pure ranodmization is not always advisable. Instead researchers use different ‚sets of conditions‘ to avoid unrealistic combinations. 



Auspurg et al. (2017): Why Should Women Get Less? Evidence on the 
Gender Pay Gap from Multifactorial Survey Experiments.

 Results: ‚ Both men and women produced gender pay gaps in their 
fairness ratings’. The right figure
shows gender difference in fairness
evaluations by occupation. 

Multifactorial Survey Experiments



 Survey experiments help to alleviate some of the short-comings of
traditional surveys. 

 Surveys examine attitudes, preferences*, beliefs, judgements, 
evaluations, stated or hypothetical behavior, but not actual behavior. 

 The association between stimuli and outcome measurements identified in 
survey experiments is causal. However, the black-box causality argument
in Chapter 4 also applies to survey experiments. 
We only know if and not why a certain change in the framing, wording, etc. has an effect on the frequency
of answers. 

Advantages & Limitations

* Stated preferences, not preferences as infered by choice. 



For an excellent (and more extensive) introduction to survey experiments consult: 

Mize, Trenton D. (2019): Survey Experiments. Testing Causality in Diverse Samples. Slides
presented at IU Workshop in Methods – 2019. 
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